Who Does More Housework: Rich or Poor? A Cross-Natinal Comparison

Jan Paul Heisig
Social Science Research Center, Berlin

heisig@wzb.eu

Paper to be presented at the EQUALSOC EMPLOY-FAMNEIrkshop
Berlin, May 11-12, 2009

Draft. Please do not cite without permission.
Date of this version: May 2, 2009

Abstract

The paper uses data on 33 countries from the 2@02 wf the International Social Survey
Programme to study cross-national variation inltbesework time of women and men from
income-rich and income-poor households. Income-fpmuseholds are generally defined as
those belonging to the bottom and income-rich hioolsis as those belonging to the top
decile of the country-specific distribution of hetwsld income. The analysis shows that
women in income-poor households do more housewbdn twomen in income-rich
households in most countries. These rich-poor mffees are attenuated, but remain sizable
when differences with respect to paid work timendgr ideology, the woman’s relative
income, and other variables are controlled. Thennpairt of the analysis shows that cross-
national variation in rich-poor differences can tjyarbe accounted for by economic
development and economic inequality. Providing a@ssmational reinterpretation of
arguments from the historically-oriented time-uiserdture, this is attributed the association
between economic development and the diffusionabbil-saving technologies and to the
association between economic inequality and higbsme households’ consumption of
domestic services. The former interpretation iskbdcby regressions that replace economic
development by estimates of washing machine pdiatrior a subset countries.



1 Introduction

Women'’s increased participation in the “male” sghef paid market work has spawned a by
now long-standing interest in whether gender cageece has also occurred in the “female”
sphere of unpaid domestic work. Empirical studiedhe subject have generally found some
convergence of women’s and men’s unpaid domestik wme, but they also conclude that
women still do the majority of housework and tHayt continue to specialize in presumably
less enjoyable routine housework tasks such asiiogaand doing the laundry (see, for
example, Bianchi, Milkie, Sayer, and Robinson 20B@nchi, Robinson, and Milkie 2006;
Blair and Lichter 1991; Coltrane 2000; Gershuny @0Robinson and Godbey 1997). Since
the gender convergence in paid work time has agn Incomplete — men continue to devote
more time to paid work than women — the findingt thamen do more housework need not
imply that they enjoy less leisure, and studiesestigating the total, i.e. paid and unpaid,
work time of men and women, indeed tend to findyasrhall average gender differences —
with considerable variation by employment statusttifi&an and Wajcman 2000). Many
considerations do, however, suggest that womemséraged albeit weakened specialization
in unpaid work deserves separate analysis.

First, housework is different from market work hrat it does not guarantee monetary
rewards. This makes women (and of course also spavializing in unpaid work financially
dependent on their partner. Individuals sacrificipgid for unpaid work also forego
investments in marketable human capital and mayebgs productive in their paid jobs
(Becker 1985; see Budig and England 2001 and; Wa&df 1997 for discussions in the
context of the "motherhood wage penalty”). Domesésponsibilities may thus depress
individuals’ long-term career prospects, increasimgir economic dependency and elevating
the risk of financial hardship following separatigfolden and Smock 1991). Many types of
routine housework also appear to be very dull s thost people would prefer to spend as
little time on them as possible. This suggests that addition to the economically-mediated
effects discussed so far — there may also be atdink between the time spent on domestic
chores and individual well-being or the quality lfe. Empirical research has indeed
demonstrated that the time spent on and sharinguiine housework tasks are related to



quality-of-life outcomes such as relationship $atson, more general subjective well-being,
and mental health (see Coltrane 2000 for a dissnssfirelevant studies).

These and other considerations have led researthersplore the conditions under
which women are able to reduce their hours of hwadge and this question has increasingly
been addressed in a comparative framework. Themprasticle contributes to this small, but
rapidly growing comparative literature which hagilumow primarily focused on the context-
specific effects of time constraints from paid wor&lative resources, and gender ideology
(cf., for example, the important papers by Diefaiba002; Fuwa 2004; Geist 2005; Knudsen
and Waerness 2008). It aims to deepen our unddistarof macro-micro-linkages by
investigating the impact of national context onhfmoor differences in housework, i.e.
differences in the housework time of women (and nfesm income-rich and income-poor
households, which | also refer to as the “housewgddient”. Some important exceptions
aside, the recent housework literature treats imc@nimarily as a resource vis-a-vis one’s
partner, i.e. as a determinant of (or a proxy @r’s relative bargaining power. Income has
received much less attention as a resource thataffiayd access to domestic technologies,
paid help, and goods such as prepared food, athath may be used to substitute for unpaid
domestic work.

Viewing income as a source of purchasing rathem thergaining power may suggest
reinterpretations of the impact of women’s relatiesources and of the much-debated
“gender display” explanation of apparent curvilinges in particular (Gupta 2006). It clearly
draws attention to the fact that high-income hoothwill be able to reduce the domestic
workload in ways unavailable to low-income housdBoand that this may result in the
“status differences in housework” that have reagigeme attention in historical studies by
authors such as Joann Vanek (1978) and Jonathashu®egr (2000), and in an important
series of recent studies by Sanjiv Gupta and hiktmrators (Gupta 2006; 2007; Gupta,
Evertsson, Grunow, Nermo, and Sayer Unpublishedpited by the work of Gershuny in
particular, this paper will investigate whethersgaational variation in rich-poor differences
in housework time is accounted for by a developadeekxplanation and by an inequality
explanation. The developmental explanation suggekts economic development is
associated with the diffusion of labor-saving hdudé devices into lower strata and will
narrow differences in the housework time of richd gmoor households. The inequality

! As information on the intra-household distributimiresources or consumption is typically not aafalié, these
studies are generally unable to partial out econaltyimediated effects and a direct link betweemdstic
responsibilities and quality-of-life outcomes ddlesrefore not strictly follow from these results.



explanation claims that greater inequality of inesnor wages will translate into greater
inequality of housework time, because householdbetop of the income distribution will

shed a larger portion of the housework burden bpleyng paid help when the income
distribution is more unequal.

The remainder of the paper is structured as faldw the following section | review
relevant previous research, putting heavy emphasisistorical studies of the housework
time of high- and low-status women. | discuss tbkeg of household technologies and
domestic service employment in bringing about theseoved changes and sketch the
implications for cross-national variation in theusework gradient. | conclude by formulating
the two hypotheses to be tested in the empiricaticse Section 3 focuses on the data used
and the modelling approach taken in the empirinalysis. The micro data are from the 2002
wave of the International Social Survey Programi®&SP). Section 4 reports and discusses

the results. The final section concludes.

2 The Impact of Automation and Outsourcing on Histoical and Cross-National

Variation in the Housework Gradient

Building on Jonathan Gershuny’s work on the chaggelationship between social status and
housework time, this section elaborates two hym#baegarding cross-national variation in
the housework time of women (and men) from highd dow-income households. The
guestion is how inequalities in household incona@glate into inequalities in domestic work
time in different contexts. At the heart of the @act lies the idea that this closely depends on
the extent to which households with different inesnare able to reduce their domestic work
load through a) the use of labor-saving housetestiriologies (“automation”) and through b)
relying on other individuals’ labor power (“outscurg”). Prime examples of automation are
the use of a dishwasher or a lawn mower, whilehihieg of nannies or gardeners are ideal
typical instances of outsourcing. The distinguightharacteristic of outsourcing is that it
involves the direct purchase of other people’s tgdmwer, an important corollary of which is
that providers and purchasers of domestic seniiea® to live close to each other. It is
obvious that both automation and outsourcing regsufficient purchasing power and that,
other things being equal, they should thereforenb@e common among high-income

households, resulting in a negative housework-iregnadient.

2 One should immediately note how demanding therisgparibus clause is: other differences betwegh-rand
low-income households are likely to drive the hausié hours of the former up relative to the latteor



At the same time, many domestic appliances havermheso inexpensive that, at least
in the richer countries, even low-income householts nowadays afford them. Outsourcing,
on the other hand, remains an exclusive practieé @hly a country’s rich can afford to
indulge in on a larger scale. What is more, crassitry variation in the price of domestic
appliances (which are tradable goods) should behntmwer than variation in the price of
domestic services (which are non-tradable goods}.dwnership of domestic appliances thus
seems to be a matter absoluterather than relative income, and once even thosbea
bottom of a country’s income distribution have iaié@ a certain level of prosperity the major
domestic appliances may be owned almost universkilg affordability of domestic services,
on the contrary, should largely depend on how oim€eme compares with the wages of their
providers, i.e., roughly speaking, oglativeincome.

These arguments clearly hinge on the assumption ttra use of household
technologies and of paid help really reduces hoaodewime and this is by no means
uncontroversial. The debate on the time-savingcedfef household technologies in particular
is long-standing. The most famous piece of researchis area probably is Joann Vanek’s
paper in theScientific Americanwhich demonstrated that the average housewor& tim
American housewives had not fallen between the 49&6d 1965, despite the massive
diffusion of so-called labor-saving household texhgies (Vanek 1974) Some have jumped
to the conclusion that domestic technologies do meally save time, an interpretation
seemingly bolstered by a recent study by BittmaoeRand Wajcman (2004) which, using
Australian time-budget data, fails to find time-s@yeffects in a cross-sectional regression of
domestic work time on the ownership of various @pyes’ While this result is interesting,
the coefficients should probably not be given asehunterpretation in the counterfactual
sense (Morgan and Winship 2007) that householdsngwnanparticular appliance would spend
as much or even less time on housework if theynditlown that appliance. It is simply
unlikely that the regressions estimated by Bittnetairal. effectively control for all relevant
heterogeneity between the owners and non-ownemowofestic appliances (see Gershuny

2004 for a similar critique). Thus households ownlawn mowers will on average have

instance, high-income households tend to haverdahgellings and gardens, and possibly also higher
housekeeping standards than low-income households.

% Subsequent studies have, however, documentediaadiecthe housework time of American homemakers f
the years after 1965 (Bianchi, Milkie, Sayer, ammbRson 2000; Bianchi, Robinson, and Milkie 200&niey
2008).

* A Dutch study using a similar design does finddevice of time-saving effects, however (van der &jpp
Tijdens, and de Ruijter 2004).



larger gardens, households not owning washing mashmay change their clothes less
frequently and so forth.

Vanek herself does not in fact seem to questiondbmestic technologies save time.
The true paradox for her rather is that, at leadil 1965, all of the productivity gain
associated with technological progress was apgdgreaken in the form increased domestic
output and none in the form of increased leisutgs Ts commonly explained with rises in
housekeeping standards which in turn have beerbwttd to various factors: to the
promotion of new ideals in the media and advengisito the impact of newly emerged
scientific theories (“the germ theory of diseasdi) raising that hygienic and dietary
awareness, and to the performative qualities oséaork (e.g. Cowan 1983; Vanek 1978).
Most scholars would probably agree that part ofgiwaluctivity gain induced by automation
has been taken in the form of increased domestmubuather than reduced housework time.
But that is of course well compatible with the pbgisy that a portion of the gain has also
resulted in lower housework time.

This possibility raises the question whether otb@ncomitant changes have partly
cancelled out the effects of labor-saving devicashousework time. Jonathan Gershuny
(2000) has forcefully argued in such a fashion atti an explicit focus on differences in
housework time between women of different socioeaun status. Using time budget-data
for female homemakers in the UK, Gershuny, like &garfinds that housewives’ housework
hours stayed roughly constant at least until 1%6@,he also notes that this stability masks
variation in changes over time by social status. il&®/thousework hours decreased
considerably for non-employed women of low statugh-status women experienced just the
opposite. His explanation for this result is thabereas household technologies have diffused
even into lower strata, employment of domestic Hedp become ever more costly as low-
educated workers, the traditional providers of ¢hssrvices, have shrunk in number while
their — and/or their partners’ — alternatives ictees such as manufacturing have become
better rewarded. Thus, while almost all strata Haeefitted from advances in the production
of household technologies, the upper strata havedfat increasingly difficult to afford
domestic servants. Put differently, middle- and erpgdass households have been forced to
substitute their own (women’s) unpaid work for {bead work of their servants. Helped by
new technologies, these women may have increaseduhpaid work time by fewer hours

® As regards the impact of (paid) domestic helphtibé studies by Bittman et al. (cf. Appendix Tah® and
by van der Lippe et al. find negative and significgcross-sectional) effects of paid help on woradrdusework
time. These and other studies (Cohen 1998; Ora@33; Spitze 1999) have also demonstrated thaehols
income indeed is a prime determinant of the propets use paid help.



than their former servants used to put in, but thaye had to increase them nonetheless. As
two “business class” wives put it in a 1920s studi§y labor-saving devices just about offset
my lack of a maid” (Lynd and Lynd 1929, as quotedRamey 2008: 37).

What this account makes clear is that automatiom,use of labor-saving household
technologies, tends to be a much more equallyilligeéd means of reducing the domestic
workload (and/or raising domestic output) than outsing, the employment of paid help or
servants. As noted at the beginning of the sectimost household technologies have become
so inexpensive that, at least in the richer coasjreven the lower classes can afford them in
principle. Outsourcing, on the other hand, has @®hcontinues to be a relatively exclusive
strategy that, leaving subsidized childcare assl&ommon only among the upper classes.
Repeating from above, this is because domesticicesrvare non-tradable (and labor-
intensive) goods: you have to hire someone in yoea to clean your house, mow your lawn,
do your shopping or care for your children. Soatiy financial resources are high relative to
the wages of the geographically proximate potemtial/iders of these services, there is little
in the way of making extensive use of them. But i§ not, you are unlikely to rely on them
much. Domestic appliances, on the other hand,radalle goods. Hence, country-to-country
differences in their price may not be negligiblet they should be small in comparison to
price differences for domestic services.

In any country, outsourcing will therefore largélg a privilege of the affluent. But it
seems that a little more can be said abougstentto which the affluent will substitute other
people’s labor power for their own housework: llikely that this will largely depend on how
their financial resources compare to the priceowf-skill service work. The logic behind this
is simple: if domestic services are what econontests) “normal goods” demand for them
will rise as income rises and as their price falhile the poorest households will barely
consume — unsubsidized — domestic services in aogtogy, the richest households should
consume more domestic services the higher theanéial resources and the lower the prices
of these services are. Ideally, one would thereéoq@ain (the outsourcing-driven portion of)
rich-poor differences in housework by the ratidrese two crucial quantities. Since this ratio
is excessively difficult to measure, however, it frtunate that it should be tracked
sufficiently closely by standard measures of eithiage or income inequality. This is because
service prices are largely determined by the waddbke low-skilled and because the wages

® In fact, most domestic services are probably moreectly described as “luxury goods”, demand ftiom
risesoverproportionallywith income.



of the low-skilled and the financial resources ticé of the stand in an obvious relation to a
country’s level of economic inequality.

The general theme that there is a close link beatveesountry’s level of inequality and
the size of the low-skill service sector — wherestrmaf the jobs which are market equivalents
of unpaid domestic work are located — is neithev ner confined to the housework and time-
use literature. Thus Esping-Andersen (1990; 199%], @uilding on his account, also
Gershuny (Gershuny 2000) argue that the low-skilvise sector will be most developed in
countries like the United States whose system xd#gand transfers and wider institutional
framework permit high levels of inequality (veryrsiar ideas with an explicit focus on the
“marketization” of unpaid domestic work can alsofbend in Freeman and Schettkat 2005).
In line with the preceding paragraph, these ac®ostress that institutions permitting high
levels of inequality are key to service sector gtgwecause they ensure that the prices of
household services are not prohibitive and thaticseiit numbers of households are rich
enough to indulge in extensive service consumption.

The only way of promoting service employment whifaintaining low levels of
inequality may be through the subsidization or muplovision of services. Clearly, public
provision is the hallmark of what is characterizedEsping-Andersen’s work as the social
democratic route to service sector growth. It isoaklear, however, that empirically
subsidization and public provision are largely coed to particular kinds of (relatively
skilled) service jobs in areas such as educatiah aare for children or the elderly. For
outsourcing domestic chores such as cleaning, ngplehopping, or yard work, one must
usually turn to the private market in any courftds childcare time was explicitly excluded
from the definition of housework in the 2002 IS$fese data are not suited for studying the
impact of public provision on unpaid work time athis paper will therefore study only the
impact of economic inequality.

In this regard, the key insight to take away fronms tbrief discussion is that a
country’slevel of inequalityis likely to be a principaproximatedeterminant, or at least a
close correlate, of the extent to which the uppeata can reduce their domestic burden
through outsourcing. The institutional underpinsingf economic inequality surely merit
further attention, as does the exact nature ofrttexplay between economic inequality and
the supply of and demand for labor-intensive maskdtstitutes for housework. Rather than

" Some qualification is of course in place here.d®thand day care facilities, for example, ofteovjte
children with meals, and cleaning or shopping s&wiare often provided for certain needy groupgzeople
(e.g. the disabled).



tackle these difficult questions, the present aialgursues the more modest aim of exploring
how a country’devel of inequalityis related to rich-poor differences and housewariet
Rephrasing a bit, the question is to what exteaatgr economic inequalities translate into
greater inequalities in housework time.

The considerations of this section naturally ystine empirically testable hypotheses
concerning cross-national variation in the diffeeretween low-income and high-income
women’s (and men’s) housework. Here, “high-inconfef “rich”) and “low-income” (or
“poor”) shall denote women and men from, respebtivthe top and the bottom end of a
country’s distribution of household income. The @mpl analysis below will compare
households from the top and the bottom decile eirtbountry’s distribution of household
income. | now turn to the central hypotheses emer@iiom the discussion of this section.

The first hypothesis is:

H1: The higher a country’s level of economic depet@nt, the smaller will be rich-poor

differences in women’s housework time.

The key mechanism underlying H1 is that poor hookkshin economically developed
countries are more likely to own labor-saving tesbgies. This suggests a related
hypothesis:

Hlb: The more common ownership of household appdianis among low-income

households, the smaller will be rich-poor differemen women’s housework time.

H1 will be tested using data dPPP-adjusted GDP per capitddlb using information on
washing machine penetration that is available feulaset of countries.

The second pair of hypotheses relates to the implactequality on differences in
housework between rich and poor. More specificathge above account suggests the
following:

H2: The greater a country’s level of inequalitye threater will be rich-poor differences in
women’s housework time.

H2b: The more common the outsourcing of housewsrlkmong a country’s high-income

households, the greater will be rich-poor diffeesnmn women’s housework time.



Here H2b again specifies the hypothetical mechanisderlying H2. Unfortunately, the ISSP
contains no practically usable information on tise wf paid help and neither does it seem
that appropriate information could be gathered fiatrer sources. Thus a direct test of H2b
will not be possible. H2 will, however be tested ibyestigating the level-2 relationship
between rich-poor differences in housework andrdrsgtic estimate oéconomic inequality

as measured by the Gini coefficient.
3 Data and Modeling Strategy

Micro data for the analysis come from the 2002 wa¥dhe International Social Survey
Program (ISSPJ.The data set allows for separate analysis of NemtHreland and East
Germany, but since the macro variables are undleaikt the sub-national level, the analysis
pools the cases from these regions with, respégtiéest Germany and Great Britdin.
Flanders has to be assigned the Belgian valudseaihacro variables. A total of 33 countries
are thus available for the analysis. Only one redpat per household was interviewed, so all
information including that on the partner's housewtime is based on the respondent’s
reports (see Kamo 2000 for a discussion of posdildses). The analysis is confined to
respondents living with a partner. In fact, datahmusework were only collected for this
subgroup. Households with missing information op ahthe variables are excluded from the
analysis. The final sample size is 20,684, ran@iom 255 for Chile to 1,157 for the United
Kingdom, i.e. Great Britain and Northern Irelanandmned.

The analysis focuses on the relationships betwten macro-level variables -
economic development and income inequality - arel ribh-poor housework differences,
which are estimated via household-level multiplgressions. In contrast to the majority of
previous comparative studies, | apply a two-stepshde Generalized Least Squares (FGLS)
procedure and do not estimate so-called hierarcHinaar models (HLM; Bryk and
Raudenbush 1992). The two-step approach was pehésrHanushek (Hanushek 1974) and
has recently been detailed and tested in MonteoGariulations by Lewis and Linzer (2005).

One advantage of the two-step method over HLM & the effects of the level-1 control

8 Further information can be found on the surveysitebat www.issp.org.

° All estimations include weights that correct fbe implicit oversampling of East German and NoriHeish
households. For the German case, such weights\ame ig the codebook accompanying the data set. For
Northern Ireland and Great Britain, | constructiee weights using estimates of the 18-plus populati®2002
by the United Kingdom’s Office for National Staics.
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variables can be freely estimated, while computatitimitations usually force one to specify
the majority of them as fixed in the HLM context.

The basic idea of the two-step approach is to eéstimates of rich-poor-differences
from level-1, i.e. within-country, linear regressso (estimated by OLS), and then regress
these estimates on the country-level predictorse (dvel-2 model) using weighted least
squares (WLS). Why should one not use OLS at leve? As Lewis and Linzer note, the
error term in the level-2 regression can be condized as consisting of two components:
one component which is due to the fact that theedéent variable igstimated(from the
level-1 models) rather than observed and one cosrgowhich is due to the fact that the
level-2 model will not completely explain the outee perfectly, i.e. the error that would
obtain even if one observed the true values ofittgendent variable. Since the uncertainty of
level-1 parameter estimates - in this case, thenattd rich-poor differenceswill usually
vary over the different level-2 units, i.e. fromucdry to country, the former portion of the
error term introduces heteroscedasticity even wihenlatter portion of the error term is
homoscedastic. WLS with appropriately chosen weighay therefore considerably increase
the efficiency of parameter estimates. Intuitivelyis is because more precisely estimated
level-1 coefficients should be given greater weight

A popular approach is to let the weights be inMgrggoportional to the standard
errors from the level-1 regressions. As Lewis’ dndzer's simulations demonstrate, this
procedure will yield estimates that are even leffigient than simple unweighted OLS
estimates unless residual variation at level twavasy small, i.e. unless variation in the
coefficients is explained (almost) completely bg tavel-2 model. In their article, they detall
an alternative approach which first obtains coesisestimates of the residual variation (from
a level-2 regression estimated by OLS) and then tisg information together with the level-
1 standard errors to construct an alternative fseteahts for the level-2 model. The analysis
below is based on this procedure.

Where provided, sampling weights were applied m éistimation of both univariate
statistics and the level-1 regressions. Level-hddaed errors are heteroscedasticity-consistent
Huber-White standard errors. Both choices did miistantially affect the estimated macro-
level relationships.

Housework Variables
Following the practice of many recent studies, l wonsider several housework variables.

More specifically, | will study (rich-poor differe&es in) men’s and women’s absolute hours
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and in two measures of their relative contributjottee woman’s percentage share of
housework and the absolute difference in the mamdsthe woman’s housework hours, which
| also refer to as the “housework gap”. Much of tliecussion in the housework literature is
framed in terms of the “sharing” or the “divisionf housework, a choice of words which
suggests a focus on relative contributions. Whit Ireport results for such measures, my
discussion will put much greater weight on rich-palifferences in women’s and men’s
absolute hours. The reason for this is simple: Adiog to the argument presented above,
higher income affords access to household techresi@nd paid help that are likely to reduce
housework time for both sexes. As a consequendhk,ibocome-rich women and income-rich
men can be expected to do less housework than (thteservationally similar) income-poor
counterparts. If this is the case, relative contitn measures are prone to conceal important
differences between high- and low-income househadswomen’s gains will have to be
greater than men’s to result in a reduction ofttbesework gap and even overproportional to
result in a reduction of the share measure.

All housework variables are constructed from thewars to two questions on the
usual weekly housework hours of the respondent histher partnet® The absolute
difference was computed as the woman'’s less thésnhaurs, and the share measure as the
percentage ratio of the woman’s hours to the tofalhe man’s and the woman’s hours.

Higher values hence imply a greater relative cbntron of the woman.

Individual and Couple-Level Independent Variables

I measure rich-poor differences, the dependentakibes in the level-2 regressions, as
differences in the housework measures between holasein the top and the bottom decile

of the country-specific distribution of househottdme. The main results are very similar, if
a little less clear-cut, when | compare the top @iedbottom quintile instead. | consider “raw”

or unadjusted top-bottom-differences as well asmedés from level-1 regressions that

control for varying sets of predictors. The reastorsconsidering adjusted rather than raw
differences are clear: In the present applicatmre does not want to attribute to household
income differences in housework that really areoasequence of differential paid work

commitment, family responsibilities, gender idegl@nd so on. In other words, one wants to
“net out” group heterogeneity. One should be awaogever, that the inclusion of paid work

191 the English language version of the questiaenahe respondent version of the question reafislas/s:
“On average, how many hours a week do you persospéind on household work, not including childcamd
leisure time activities?”
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measures in particular is likely to bring with rtdogeneity problems whose consequences are
difficult to predict (Jenkins and O'Leary 1995; Kims and O'Leary 1997; Prodromidis 2004).
Gender ideology is another variable that one shbeldvary of, as theories of cognitive and
normative adaptation suggest that such attitudgsbeas much a consequence as they are a
cause of housework arrangements (Plutzer 1988 @lpoor woman who expresses positive
attitudes towards housewifery might well changernard if, say, a major lottery win allowed
her to externalize much of her unpaid work. If suelationships hold, ideology variables
would seemingly “explain” parts of the variance ttlshould in the present context be
attributed to differences in income. Because of uheeniable need to control for group
heterogeneity, excluding these variables altogettm¥s not seem attractive, either. The
analysis presented below will therefore encompasecifications with and without the
presumably endogenous regressors and thus allowed#tier to assess the sensitivity of the
results to the model at level 1. The covariatetuthed in the different level-1 specifications
are listed in Appendix Table Al.

That said, the following list gives the individuaknd couple-level independent
variables used in at least one of the differenelldvspecifications. Where necessary, | also

briefly comment on the construction of the variadahe on the reasons for its inclusion.

* Household income decilelThe regressions use the top decile as the referen
category:* The coefficient on belonging to the bottom deciteordingly is my
estimate of top-bottom differences in the housewankables and positive values
on this coefficient indicate that women in poor delolds spend more time in
housework, carry a larger share of housework tintksm on.

» Respondent agd enter both a linear and a squared term. Inftionaon the
partner’'s age is not available.

* Respondent gendéeiMale” is the reference category.

* Gender ideology This variable is constructed from five questiamcerning
attitudes towards gender rofésThe answer scales are 5-point, ranging from
“strongly disagree” to “strongly agree”. | recodéte variables so that higher

In most countries this is the tenth decile. Toping prevented me from distinguishing between inéhrand
the tenth decile in five cases (Chile, Cyprusanel, New Zealand, and the UK).

2 The index is based on the following questionswarking mother can establish just as warm and seaur
relationship with her children as a mother who duoatswork,” “A pre-school child is likely to suffef his or her
mother works," “All in all, family life suffers whethe woman has a full-time job," “A job is all hg but what
most women really want is a home and children,” gichan’s job is to earn money; a woman'’s job iddok
after the home and family.”
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values mean more traditional gender attitudes anddch respondent obtained the
individual ideology score by averaging the numeatues over all available items.
Cronbach’s alpha for the index is 0.74. Since eaniesearch has shown that
ideology effects vary by gender, | also include iateraction with respondent
gender.

 Employment status of man and wom&ome specifications include dummy
variables for the intensity of market work, distmghing among full-time, part-
time and less than part-time employment. Cut-offin{so for the original
employment status variable vary across countries san| classified individuals
according to their reported absolute hours of pamk if this information was
available, defining employment with at least 35 fisoper week as full-time and
employment with 15-34 hours as part-time. Thosehveiéro market hours are
further distinguished with regard to several norplEryment states (student,
retired, disabled, other) if such information isgable.

* Man’s and Woman’s Hours of Paid Woilkformation on paid work hours is not
available for partners in Australia, the Czech Rwigu Ireland, Northern Ireland,
Slovenia, and the Slovak Republic. | retained taegorical measures of market
work intensity in these cases and included an gpj@® dummy in the level-2
regressions.

* Man’'s and Woman’s Previous Absence from Paid Wdrkis variable is
constructed following Iversen and Rosenbluth (2005)s based on information
regarding the paid work commitment (no paid workitgime or full-time) during
four phases of family life (before birth of firshitd, before the youngest child
entered school, after the youngest child enteraddcafter the children have left
home). The variable is increased by 0.5 for eastaice of part-time and by 1 for
each instance of non-employment. This is likelyptoa rather noisy measure of
employment history, but its predictive power prova&dbstantial in the present
application®*

« Woman'’s relative incomerhis variable is based on a 7-point ordinal J@ega

indicating the relative income levels of the parsné included dummies for six of

13 Because the individual values are bounded fronvabgy the number of life phases that an individhaas
experienced, | also experimented with a measutesthadardizes for the number of life phases. Elsalts were
hardly affected.
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the seven categories, with the case where thehadeno income of her own as the
reference category.

* Respondent educatioBducation dummies are based on a harmonized meeatu
the highest degree obtained that is provided viighIESP. | collapsed the original
six categories into a three-category measure.d mislude an interaction with
respondent gender.

* Household compositionl include two variables which measure the numdsier
adults (18 and older) and of children (under the af 18) in the household.
Information on the exact age of the children (prke®lers) is not available for all

countries.

Country-Level Independent Variables

As mentioned above, the macro-level variable ugegroxy for low-income households’
absolute level of resources is PPP-adjusted GDRauta, which | obtained from the 2004
edition of the United Nation Development Prograiisman Development Repdt.Since
the quality of GDP per capita as a proxy for th#udion of household technologies into
lower strata is questionable, | also attemptedajture the latter more directly. To that end |
estimated the fraction of households in the botteoome decile who do not own a washing
machine because of the inability to afford one {6eced lack”), based on 2006 wave of the
EU Statistics on Income and Living Conditions (EWS). As Table 1 illustrates, the EU-
SILC covers 20 of the 33 countries studied hersuldtracted the percentage of households
with enforced lack of a washing machine from 100tlsat greater values mean greater
penetration.

It is more difficult to obtain a comparable measoferelative income differences
within countries. A natural source for many of {eeonomically more developed) countries
in the sample is the Luxemburg Income Stlid. more comprehensive data set that covers
all but one of the countries in the 2002 ISSP hesnbcompiled from various sources by
Branko Milanovic of the World Bank (World Bank 2Q0Blilanovic 2005). The data sets’
comprehensiveness comes at a price, however. Ngt dm the income concepts differ
considerably from study to study, but the latestryaevailable lies well before 2002 for many

countries. The CIA Factbook (various years) is gepiial third source that offers information

1% The value for Taiwan was taken from the 2003 editf the CIA Factbook.
!> The data are available online at http://www.ligpob.org/keyfigures/inegtable.htm.
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on most of the countries in the 1ISEPTo reduce error due to measurement error and to
varying income concepts, | used the unweightedameeiof the Gini coefficients from all
three sources in the regressions. The correlabetween the averaged measure and the three

original Gini variables range between 0.93 and 0.97

4 Results

Table 1 reports the average weekly housework houvgomen and men in the bottom and
top deciles of the country-specific income disttibns, the differences between these
averages, the values of the two country-level We® and the estimate of washing machine
penetration in the bottom income decile. The coestiare ranked in descending order
according to the size of the rich-poor differencewomen. As | have suggested, low-income
women and men spend more time on housework thanhigé-income counterparts in most
countries. It of course remains to be seen wheliese differences persist when the effects of
differential employment rates and other factors &ieen into account. The ordering of
countries is roughly as hypothesized. To see tlhigenlearly, consider the bottom three rows
of Table 1 which give the average values of theouasr variables for the ten countries with
the largest rich-poor differences in women’s housdwime (“Top 107), the ten countries
with the smallest differences (“Bottom 10”), and the 13 countries that fall in between
(“Middle 13”). The ten countries with the greatésh-poor differences have an average GDP
of around 14,000 USD and an average Gini coeffic@nabout 38 percent, while the
respective values are around 27,000 USD and 28peefior the ten countries with the
smallest rich-poor differences. The estimated ke washing machine penetration also
roughly conform to expectations, but with very fewceptions penetration levels are very
high. The diffusion of washing machines as onehaf probably most common domestic
appliances may possess less discriminatory powaer, thay, the diffusion of dishwashers,

microwave ovens, or freezers.

-- Table 1 about here --

18 When information for 2002 was not available fquaaticular country in a particular data set, | peded as
follows. If the source provided information only fgears prior to 2002, | used the latest year atel If it
provided information on years prior to and afte®20l used the (unweighted) average of the lateat y
preceding and the earliest year following 2002.
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The cross-country differences in rich-poor differes could of course be due to
differences in poor women’s work hours, differensesich women’s work hours, or both. A
closer look at the figures in Table 1 reveals thwh rich and poor women’s housework hours
tend to be lower in countries with smaller rich-palifferences. The reduction in rich-poor
differences thus results from the fact that théed#inces are much greater for women in the
bottom decilée"’

Rich-poor differences in the housework time of raes considerably smaller than for
women, but tend to be positive as well. Moreovieere is a substantial correlation between
rich-poor differences for women and men: the (ugiwitd) Pearson correlation is around 0.6.
This supports the view that relative contributiomasures may hide important aspects of
cross-country variation in rich-poor differences.

Figure 1 looks a little closer at the macro-levahationships. The left pair of graphs
show scatterplots and lowess smoothes (bandwid@8)=of the raw or unadjusted difference
in women’s housework time (i.e. the values fronuowh 4 in Table 1) against GDP per capita
and the Gini coefficient. The net or adjusted ddfeces in the right pair of graphs are based
on level-1 regressions that control for most of thdividual-/household-level covariates
listed in the previous sectidfl.It is evident that higher GDP tends to go withagee rich-
poor differences and higher inequality with smatieh-poor differences. The shapes of the
lowess smoothes also indicate that a linear appraon may be acceptable for large parts of
the sample. The noticeable deviation from the negatlationship for high levels of GDP
need not be an embarrassment for the theoretigafreent, as the two countries driving it, the
US and Ireland, are among the most unequal of ¢baamically developed countries in the
sample. The effect of controlling for individual cacouple characteristics is substantial for
some countries (e.g. Hungary), and the overall deog of adding controls clearly is to
reduce rich-poor differences - which is relativalysurprising, as women from high-income
households tend to be better educated and speraltmm@ on paid work. The overall macro-
level relationships are not very sensitive to ttigistments, however.

-- Figure 1 about here --

" Hence, the cross-country analogy to Gershunywtiésl findings is superficially imperfect, as ookhis
central findings was that one force was one foefara the decline of status differences in Britaas a rise in
high-status women’s housework time. But of couhig part of Gershuny’s analysis was restricted to
homemakers, while the cross-country differencekable 1 do not account for compositional differenizeany
way.

'8 More specifically, the models, which also undefligure 2, control for the respondent’s age, gender
education and traditionalism, both partners’ curcenmmitment to and previous absence from paid wibiek
woman'’s relative income, and household composition.
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Before turning to the parametric analysis of thantoy-level relationships, | briefly
examine the results of the household-level regpessiinderlying Figure 1. The dots in Figure
2 represent the mean point estimates from the 3Binacountry regressions. Where
interactions with sex were included, the dots iatkdhe mean effect for men and the arrows
the mean effect for womén.In almost all cases, the mean effect carries tha that
theoretical reasoning and previous research woedd lone to expect. The results for the
woman'’s income share lend some support to thetlttathe relationship between women’s
relative income and (the division of) houseworlcisvilinear. More specifically, women’s
absolute and relative contributions to houseworkndd seem to uniformly fall as their
contribution to household income rises. It rathppears that, at least in some countries,
increases in women'’s relative income beyond a icepaint tend to raise rather than reduce
their domestic commitments (Bittman, England, Fell®ayer, and Matheson 2003; Brines
1994; Evertsson and Nermo 2007; Greenstein 2000¢. debate about the mechanisms
underlying this quite common result is ongoing, @nig beyond the scope of this paper to
address it in detail. It is clear, however, tha gfeneral argument advanced here is consistent
with recent contributions by (Gupta 2006) and Gugital. (Gupta et al. Unpublished), in
which the authors suggest that the curvilinearitresy result from the fact that women with
high relative incomes are often also women with lvgolute incomes, which leaves them

little leeway to buy their way out of doing housetuo

-- Figure 2 about here --

Figure 2 also nicely illustrates how the effectghad various independent variables on
men’s and women’s absolute hours translate intongés in the relative contribution
measures. The effects of ideology, employment stalative income and previous absence
from paid work are “asymmetrical”: factors thatwed women’s domestic work hours tend to
raise (or at least not much to affect) men’s wookils and vice versa. A corollary of this is
that the effects of these variables are more pnoced for the relative contribution measures,
l.e. the housework gap and the housework sharehddigousehold income, by contrast,
clearly goes with lower housework hours for wonaea men. As a consequence, the effects

9 Because of the gender interactions and becausséred the ideology measure around its grand ntiean,
main “effect” of “Respondent is female” has to heeipreted as the effect for respondents with Iducation
whose level of traditionalism equals the grand mean
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of the household income dummies on the relativetridmrtion measures are attenuated
relative to their effects on women’s absolute holitss was anticipated above and provides
strong grounds for focusing the analysis on cra®nal variation in the impact of
household income on men’s and women'’s absoluteshour

Taking a closer look at the effect of householdome on women’s and men’s
housework time, two points merit further discussidhe first — which was apparent already
in Figure 1 — is that raw rich-poor differencesnen’s and women’s housework are only
partly accounted for by the control variables ided here. The average net rich-poor
differences in Figure 2 — 4 hours for women and tiidrs for men — are lower than the
respective raw differences in Table 1, but theystilesubstantial. The second is that, while
men’s and women’s housework time more or less nuomcally fall with rising household
income, there seems to be a deviation from thieepator women’s housework hours at the
bottom of the income distribution: net of the othariables, women’s average estimated
housework hours are somewhat lower in the firsh tinathe second decile. This even results
in a “wrong-signed” average coefficient on belompito the bottom decile for the share
measuré’ A closer look at the data reveals that the demiaffom monotonicity has rather
technical reasons: As a result of categorical inrcodata — more than 20 percent of
households report incomes in the lowest categattyere are no observations in the second
decile for three countries with below-average ({ble 1) rich-poor differences: France,
Israel, and, in particular, the Czech Republic. Whigese three countries are excluded the
counterintuitive difference between the (averagefftcients on belonging to the first and to
the second decile is reduced from 0.45 (cf. Fi@)r® a negligible 0.12.

The central pieces of the empirical analysis,dbentry-level FGLS regressions, are
summarized in Figure 3. For each dependent var@tdefor five different specifications of
the level-1 model (see Appendix Table Al for dstaih the included predictors), the figure
plots the point estimates and the 95% confidentarvals from the regressions. The exact
values of the estimates are available from theautpon request. The filled dots represent
the estimates from bivariate regressions and thlevinalots the estimates from regressions
with both macro-level predictors. To facilitate @ssment of the effect sizes, | rescaled the
macro variables to range from zero to one for tliegeessions. The coefficient estimates can
accordingly be interpreted as the predicted diffeee(in the respective rich-poor difference)

between a country whose per capita GDP/Gini egiieidowest value in the sample and a

% The average coefficient is not statistically diéfiet from zero however (p-value: 0.21).
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country whose per capita GDP/Gini equals the highakie in the sample. For the sake of
simplicity, the discussion below will generally eefto these predicted differences as the
“maximum effects” of the macro variables. To ai@ tleader in telling the rough numerical
size of the estimates from the figure, dashed eadrtines mark reference values between -20
and +20 in steps of five. A darker dashed lineaathis the zero value so that the significance
of the coefficients can be readily assessed. Arfficient estimate whose confidence interval

does not cut the zero line is significant at tive fpercent level.

--- Figure 3 about here ---

The results are most clear-cut for women’s absohdesework hours, which are
reported in the upper-left graph in Figure 3. Rdims of the underlying level-1
specification, the relationships clearly go in te&pected direction and the bivariate
relationships are generally significant at the fpecent level. The effect sizes are substantial.
Based on the “full” model that controls, among ottiengs, for the woman’s and the man’s
paid work commitment (dummies for full- and parté employment), gender ideology, and
the woman'’s relative income, the maximum effectbath GDP per capita and the Gini on
the rich-poor-differences in women’s housework tiare around ten hours per week. The
effects are attenuated and the significance lexagdd(in many cases only slightly) below 5
per cent when both predictors are entered simuiiasig, reflecting the substantial negative
correlation (-0.47) between economic developmeadtiarquality in the underlying country
sample. At around five hours per week for GDP andraund seven hours for the Gini the
predicted maximum effects are still sizable, howe@ne way to see this is to compare these
estimates to the effect of the woman’s paid wonketi A look at Figure 2 reveals that the
average estimated effect of the woman working tiole rather than not at all in the level-1
regressions also is around five hours.

Comparing the results based on the raw rich-pofberdnces to those based on the
four level-1 models that control for varying sefscovariates, one sees that compositional
differences account for some of the relationshiggvben inequality and rich-poor differences
in housework. The effect of economic developmegtcobntrast, is hardly affected by the
introduction of household- and individual-level epiates. Also worth noting is that the level-
2 relationships show very little sensitivity to tlhmroduction of controls for men’s and
women’s paid work commitment and of the respondegénder ideology. At least for rich-

poor differences in women’s housework hours it deeseven make much of a difference,
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whether one controls for her and her partner's wooknmitment through their former
absence from paid work or through their contempeoas work commitment (Model 2 vs.
Models 3-5). The robustness of the results is veagsuring, because — as was noted above —
the paid work variables are likely to be endogenadsle they could also be argued to reflect
important differences between high and low incornaseholds. Had their inclusion turned
out to matter much, one would therefore have beeed with the very difficult question
which results to put greater confidence in. Theusbbess of the results in the present
application does not imply, however, that endoggnproblems can safely be ignored in
other applications and hopefully future work willetefore pay greater attention to these
ISsues.

What are the effects of economic development awodauic inequality on rich-poor
differences in the other three housework variabl@s? effects of the macro-level factors on
the difference in men’s housework hours are insgm@e direction as the effects for women'’s
hours, but they are much smaller in absolute vadne generally not significant at
conventional levels. The directional similarity wasticipated above and is consistent with
the notion that domestic appliances and paid hetgefit both sexes. Turning to the relative
contribution measures, the absolute differenceomsbwork hours (housework gap) and the
woman’s percentage share, the effect of GDP petacegpmuch more muted here than for
women’s absolute hours. When household composiaod economic inequality are
controlled, the point estimates become very clasezdro for both relative contribution
measures. The effect of economic inequality preseewhat more resilient. At least for the
housework gap, the effect of the Gini is not onlynerically sizable, but also statistically
significant or close to it.

Taken together these results clearly support hgseth H1 and H2: economic
development goes with reduced and economic inggualih increased differences in the
housework time of income-rich and income-poor womlens also clear that both factors
have similar, albeit smaller, effects on rich-pddferences in men’s housework time. This is
why the effects of the macro variables — partidulaf economic development — on rich-poor

differences in women'’s relative contributions anactm more muted.

--- Figure 4 about here ---

There may be justified scepticism regarding theliuaf GDP per capita as a proxy
for the diffusion of household technologies intavér strata. As a final step in the analysis, |
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therefore re-estimated the macro-level regressigits the more immediate measure of
washing machine penetration in the bottom decilbiciv was described in the previous
section. Unfortunately, | can only estimate this tltwose 20 countries which took part 2006
wave of the EU-SILG! As Table 1 shows, the penetration measure — 10fusnthe
percentage of households in the bottom income woiirgg a washer for financial reasons —
ranges from 61.9 percent in Latvia to 100 percerfweden. For the regression analysis, |
again rescaled the resulting variable to range fzemo to one. The correlation between GDP
per capita and penetration measure is about 0.B. @y reasonably wonder whether this
very rough measure of washing machine penetratromigies a better measure of overall
automation than does GDP per capita. Unfortunaiesgems that richer comparable data on
the diffusion of domestic technologies can only di#ained for a much smaller set of
countries. In any case, Figure 4 displays the te$tdm level-2 regressions which include the
estimates of washing machine penetration amongnoeame households instead of GDP per
capita.

--- Figure 5 about here ---

Focusing again on the results for rich-poor diffexes in women’s absolute hours, one
sees that the rich-poor difference in women’s hawask hours tends to be lower in countries
where the portion of low-income households who carafford a washer is smaller. The
estimated maximum effect — i.e. the predicted diffiee between the country with highest
and the country with the lowest level of penetratiois around 15 hours and hardly changes
when economic inequality is controlled. The stugrsize of the effect — the maximum effect
of GDP only was around five hours when economiajuradity was controlled — is partly
driven by the case of Latvia which combines a naldwge rich-poor difference in housework
hours with a particularly low level of washing mawh penetration. Even when Latvia is
excluded from the analysis (Figure 5), the effemains sizable at about seven hours,
however. Since the least developed countries habetexcluded from this step of the

analysis, the size of the effect is all the mormaagkable.

L The results are very similar when the same petimtraneasure is estimated over all householdsdrattan
only those from the bottom decile).
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5 Conclusion

Against the backdrop of rising female involvememtpiaid work, social scientists and the
more general public have for a long time been @sd in how much time women and men
expend on unpaid work in the household. Research finmly established that men’s
contribution to housework has grown and women’eifabver time, but that women still do
the majority of housework with potentially severensequences for their economic
independence and overall well-being. Apart fromraggte historical trends, scholars have
investigated the individual- and couple-level det@ants of women’s and men’s housework
time and of their relative contributions. Recenangehave also seen a surge of comparative
research attempting to gauge the effect of maaretléactors on household dynamics.
Inspired by the feminist plea for increased consitien of intra-household equity much of
this literature has taken a “horizontal” approacbncentrating on the impact of paid work
commitment, gender ideology, relative income arfteovariables such as marital status that
stand in no obvious relationship to the “verticalequalities that are the key subjects of
traditional stratification research. Class, finahciesources or other “status variables” have
often been controlled, but hardly been placedeattnter of the analysis.

| have argued that more affluent households cardthbor-saving technologies and
labor-intensive subsidies for unpaid work more iigathan poor households and that one
should therefore expect affluent women’s houseworke lower than poor women’s. | have
offered a cross-national interpretation of reladeguments that have been discussed primarily
in the historically-oriented time-use literaturedatraced out the implications for cross-
national variation in housework differences betweeh and poor women. The empirical
analysis showed that rich women (and men) do indpedd less time on housework in most
countries, and that this generally holds true waerumber of observables are controlled. It
also showed that increased economic developmers wdb smaller rich-poor differences,
arguably because it is correlated with the diffasad labor-saving technologies into lower
strata, and that higher income inequality goes \gi#ater differences, presumably because
high-income households in more unequal societigsar labor-intensive market substitutes
to a larger extent. Data availability forced merédy on very crude measures of the key
theoretical concepts, with the measurement of aatem via per capita GDP being
particularly unsatisfactory. There is clearly muobm for refinements here. The fact that the
causal mechanisms underlying the argument arecleay also invites further, not necessarily

comparative research testing the hypotheses adyamteis paper.
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The nature of the income data also prevented mm fseparating the effects of
women’s and men’s income. Research on the demardbfoestic services and other market
substitutes for unpaid work and on the impact afhdge-specific income on housework
suggests that women’s income has a much stronfect ein housework than men’s even
when hours of paid work are controlled. Ironicallygmen may by sacrificing part of “their”
income for the purchase of market substitutes fgraid work. These questions touch on
issues of the intra-household distribution of congtion that may be very difficult to tackle
with existing survey data, or even with data geteereby standardized questionnaires in
general. Nonetheless they are clearly worthy dhirrinvestigation. In any case, comparative
studies analyzing men’s and women’s incomes seggratould be a natural extensions of
the present analysis, but at least for the momédotws on gender-specific incomes seems to
imply a small-N design (cf. again the importanidstbby Gupta et al. Unpublished).

On a more general note, future research on domlasiic will hopefully pay greater
attention to the interplay of status differenced gander. This study has been concerned with
cross-national variation in average differenceswbeh income-rich and income poor
households. It is, however, very likely that thediferences reflect in many ways the
adjustments of individuals and couples to the stapecific constraints they face. It would be
interesting to see how class affects the reactimngunforeseen) events that trigger a
refocusing of established time use patterns. Howpadar and how do affluent households
react to suddenly increasing care demands or @néial shocks that necessitate increased
employment by household members? One cannot helpuspect that the status differences
which became apparent already in the present iigatisin will be amplified under such
circumstances.

For somewhat similar reasons it would be intergstinrestrict the analysis to couples
with particular employment arrangements. Dual-earceuples are an obvious case of
interest. The question if women in dual-earner temipace a “second shift” (Hochschild
1989) has long been a key concern of researchedittision of housework. Unfortunately,
the ISSP sample sizes for many countries are sirg@ysmall to allow for meaningful
investigation of this particular subgroup. SmaMedesigns using some of the larger country
samples and/or alternative datasets might movegshiorward on this front. Single mothers
(and fathers) are another group of interest, batfélct that the ISSP does not inquire about
childcare time and, even more importantly, thathibasework items were only administered

to respondents with a partner precludes any ISSBebanalysis of this group.
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The causal mechanisms proposed in this study sloduldurse be subjected to further
testing. Is the cross-country patterning of riclogpdifferences in housework time really
driven by differences in the access to househattin@ogies, and in the consumption of
domestic services? If so, do the results of thidyshave any immediate policy implications?
One is that if one is interested in raising empleybrates among low-educated women, be it
for efficiency reasons or an interest in their dhdir children’s well-being and economic
independence, one must acknowledge the possithiiydomestic responsibilities other than
childcare constitute a real barrier to their adtovaor severely limit their availability for paid
employment. Subsidizing the purchase of domesutbrelogies or making expenses on
labor-saving technologies deductible from incomertey be original and effective policies
to promote employment among this group, particylan economically less developed
countries .
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Table 1: Macro-Variables and Mean Weekly (Non-Ctale) Housework Hours of Women and Men

in the Bottom and Top Deciles of the Household imedistribution.

Women Men Macro Variables
Avg. Avg. Diff. Avg. Avg. Diff. GDP p. Gini Wash.
Hrs Hrs (Btm — Hrs Hrs (Btm — cap. in Coeff. Mach.
Btm Top Top) Btm Top Top) 1000 in % Pene-
Decile  Decile Decile  Decile UsD tration
(PPP) (Btm
Decile)
Brazil 44.9 223 22.5* 11.4 8.7 2.7 7.8 60.8
Hungary 42.4 221 20.3* 20.6 7.2 13.5* 134 27.0 85.1
Russian Federation 375 20.4 17.1* 20.6 11.0 9.6 2 8 39.6
Slovenia 31.0 14.8 16.2* 7.7 6.5 1.2 18.5 27.3 .89%4
Chile 42.3 29.4 12.9* 12.7 8.4 4.4* 9.8 55.9
Portugal 334 20.7 12.7* 8.7 4.5 4.2 18.3 37.8 681
Latvia 25.9 13.8 12.0 17.3 9.0 8.2 9.2 33.2 61.9
Bulgaria 34.8 23.0 11.9* 17.4 8.5 8.9* 7.1 332 - --
Spain 33.7 23.8 9.9* 7.6 9.3 -1.7 215 33.1 98.8
Belgium 28.9 19.4 9.4* 11.4 7.0 4.4 27.6 28.8 85.6
Israel 20.1 11.4 8.7 8.1 5.2 2.9% 19.5 36.3
United States 20.1 11.6 8.5 13.8 5.5 8.3 35.8 6 40. ---
Ireland 31.2 23.1 8.1* 13.4 6.3 7.1* 36.4 345 802
Philippines 24.6 16.6 7.9*% 14.8 13.0 1.8 4.2 48.0 ---
Australia 255 18.3 7.2* 12.7 10.3 2.3 28.3 36.2 --
New Zealand 175 11.7 5.9*% 8.4 5.6 2.8* 21.7 29.9 ---
United Kingdom 18.1 124 5.8* 10.8 5.1 5.6* 26.2 36.6 97.2
Mexico 29.0 235 5.5 16.6 11.8 4.8* 9.0 50.0
Germany 20.8 15.8 4.9 9.5 6.1 3.4* 27.1 30.4 96.5
Taiwan 19.1 14.6 4.5*% 5.8 4.7 1.1 18.0 30.7
Poland 22.4 17.9 4.5 13.7 9.7 3.9 10.6 33.3 93.4
Finland 14.1 10.3 3.7 8.5 5.4 3.1 26.2 25.1 89.2
Slovakia 23.8 20.2 3.6 11.0 8.9 2.2 12.8 24.5 395.
Denmark 15.7 12.8 2.9 9.6 6.8 2.8 30.9 24.1 92.2
France 15.4 12.9 2.6 5.3 4.2 11 26.9 28.1 93.0
Norway 11.7 9.7 2.0 4.4 5.5 -1.1 36.6 28.1 98.2
Japan 27.2 25.6 15 5.6 2.7 2.9*% 26.9 31.0
Sweden 12.8 11.8 1.0 7.2 7.0 0.2 26.1 25.3 100,0
Austria 20.9 20.3 0.6 9.4 7.3 2.2 29.2 29.1 95.8
Netherlands 11.6 14.0 2.4 7.5 5.1 2.4 29.1 28.7 98.5
Cyprus 13.9 16.4 -2.5* 2.8 5.8 -3.0* 18.2 29.4 M1
Switzerland 15.2 18.1 -2.9 6.0 6.7 -0.7 30.0 312 -
Czech Republic 194 24.4 -4.9 10.2 8.7 1.4 15.8 6 26. 95.7
Median 224 17.9 5.8 9.6 6.8 2.8 215 31.0 94.1
Mean 24.4 17.7 6.7 10.6 7.2 3.4 20.8 33.8 91.9
SD 9.3 5.1 6.5 4.5 2.3 3.5 9.4 8.8 8.6
Top 10 - Mean 355 21.0 14.5 13.5 8.0 5.5 141 737 -
Middle 13 - Mean 22.0 16.0 6.1 11.3 7.5 3.8 212 35.1
Bottom 10 - Mean 16.4 16.6 -0.2 6.8 6.0 0.8 27.0 8.12

Housework hours estimated from 2002 wave of therirational Social Survey Programme. Sampling weigpplied where provided. Total
N = 20,684, ranging from 255 for Chile to 1,157 fbe United Kingdom. GDP per capita and Gini ca#fits retrieved from various
sources. Washing machine penetration in the boitteome decile is 100-percentage of householdsédrbtittom income decile that do not
own a washing machine because they cannot affeedenforced lack”). Estimated from 2006 wave of tBU-SILC. Starred Differences

between top and bottom decile are significant afiitte percent level.
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Figure 1. Rich-Poor-Differences in Women’s Housewdr Time against Macro Variables
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from 2002 wave of the International Social SurveggPamme. Sampling weights applied where providedal N = 20,684, ranging from

255 for Chile to 1,157 for the United Kingdom. Gpér capita and Gini coefficients from various sesrc
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Figure 2. Average coefficients from Level-1 Regregms of Housework Variables
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Avg. RZ 20.4%

Avg. R% 21.4%

Avg. R% 13.3%

Avg. Rz 21.9%

the International Social Survey Programme. Sampliegghts applied where provided. Total N = 20,6@hging from 255 for Chile to

Categories: man; not employed; respondent educdtian woman’s income: partner earns all"16¥ top decile. Data from 2002 wave of
1,157 for the United Kingdom.

Average point estimates from country-specific regiens estimated by OLS. “Housework Gap” is womanilsus man’s hours. Reference
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Figure 3. Country-Level Regressions of Rich-Poor-Bierences in Housework Variables
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FGLS estimates following Lewis and Linzer (2005ep@ndent Variable is the estimated difference & hbusework variable between
households from the top and the bottom decile efcbuntry-specific income distribution (bottom-toplousework gap is woman’s minus
man'’s hours. Models 1-5 control for different setdiousehold-level covariates. See Appendix Tallefdk details. Micro data from 2002
wave of the International Social Survey Programniatal N = 20,684, ranging from 255 for Chile tdl37 for the United Kingdom.

Household-level regressions use sampling weightsraviprovided and household-level standard errashateroscedasticity-consistent
(Huber-White). GDP per capita and Gini retrievezhfrvarious sources.
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Figure 4. Country-Level Regressions of Rich-Poor-Dfierences in Housework Variables
GDP Replaced by Measure of Washing Machine Penetiah in Bottom
Income Decile
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FGLS estimates following Lewis and Linzer (2005ep@ndent Variable is the estimated difference & hbusework variable between
households from the top and the bottom decile efcbuntry-specific income distribution (bottom-toplousework gap is woman’s minus
man'’s hours. Models 1-5 control for different setdiousehold-level covariates. See Appendix Tallefdk details. Micro data from 2002
wave of the International Social Survey Programniatal N = 20,684, ranging from 255 for Chile tdl37 for the United Kingdom.
Household-level regressions use sampling weightsraviprovided and household-level standard errashateroscedasticity-consistent
(Huber-White). Estimates of washing machine petietrdased on 2006 wave of the EU-SILC. Gini re®ifrom various sources.
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Figure 5. Country-Level Regressions of Rich-Poor-Dfierences in Housework Variables
GDP Replaced by Measure of Washing Machine Penetian in Bottom
Income Decile. Latvia Excluded
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FGLS estimates following Lewis and Linzer (2005ep@ndent Variable is the estimated difference & hbusework variable between
households from the top and the bottom decile efdbuntry-specific income distribution (bottom-toplousework gap is woman’s minus
man’s hours. Models 1-5 control for different setdhousehold-level covariates. See Appendix Tall€ak details. Micro data from 2002
wave of the International Social Survey Programni@tal N = 20,684, ranging from 255 for Chile tdl37 for the United Kingdom.
Household-level regressions use sampling weightsreviprovided and household-level standard errazshateroscedasticity-consistent
(Huber-White). Estimates of washing machine petietrdased on 2006 wave of the EU-SILC. Gini re®ifrom various sources.
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Appendix Table

Table Al: Independent Variables Used in Level-1 Spé#ications

Model 1
Raw

Model 2

Full w/o Emp.

Dummies
Ideology

&

Model 3
Full w/o Ideology

Model 4
Full

Model 5
Full incl.
Worked

Hrs

Age

X

Age (squared)

X

Respondent female

X

Gender
traditionalism

Fem. Resp. X
Gender
traditionalism

Man: Employment
Dummies

Man: Non-
Employment
Dummies

Man: Weekly Hours
of Paid Work

Woman:
Employment
Dummies

Man: Non-
Employment
Dummies

Woman:  Weekly
Hours of Paid Work

Man: Previous|
Absence from Paid
Work

Woman: Previous
Absence from Paid
Work

Respondent
Education Dummieg

Fem. Resp. X Resp.
Education Dummies

# of Adult
Household
Members

# of Children in
Household

Woman’s  Income
Share (Dummies)

Household Income
Decile (Dummies)
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